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SMGN: A State Memory Graph Network for Dialogue State Tracking

ZHANG Zhi-chang, YU Pei-lin, PANG Ya-li,ZHU Lin,ZENG Yang-yang
(College of Computer Science and Engineering , Northwest Normal University , Lanzhou, Gansu 730070, China)

Abstract: Dialogue state tracking is an important module of task-oriented dialogue system. Previous studies exploit-
ed the historical dialogue information by attention-based graph structure simulation, but these methods cannot explicitly
take advantage of the structure of the dialogue state. In addition, how to generate complex format dialogue states also brings
challenges to research. In this paper, we propose a state memory graph network(SMGN). The network saves historical infor-
mation through the state memory graph, and uses the graph to interact with the current dialogue. We also implement a com-
plex dialogue state generation method based on state memory graph. Experimental results show that the proposed method
improves the joint accuracy by 1.39% on the CrossWOZ dataset and 1.86% on the MultiWOZ dataset.
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